MLOps Productionalization




OVERVIEW

Machine Learning (ML) has empowered a broad range of industries
including life sciences, manufacturing, consumer goods, financial
services, and telecom. Despite its ubiquity, many enterprises face
myriad challenges and shortcomings in developing, deploying and

managing their Machine Learning applications and find it difficult to

shift from experimentation to production grade Al. The need to adopt
DevOps practices in ML to increase automation whilst addressing
business and regulatory requirements is becoming a foundational
need that’s converging into a set of common practices, tools and

governance functions under Machine Learning Operations or MLOps.

MLOps encompasses a combination of practices and processes that
aim to make seamless and efficient development, deployment, scaling
and maintenance of Machine Learning models. It emphasizes on
fostering common practices, automating repetitive tasks and
establishing governance layer to expedite implementation of ML
at an enterprise level.
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Only 14.6% of firms report By 2024, 75% of organizations
that they have deployed Al will shift from piloting to
capabilities into widespread operationalizing Al- Gartner
production- Forbes




Enterprise challenges in scaling MLOps
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Inadequate governance and maintenance of models lead to

incorrect predictions.

Suboptimal processes cause long lead time

to take ML models into production
without meeting availability and
reliability requirements.
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Lack of collaboration among siloed teams.
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Skills shortage & high cost of continuity.
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Long cycle times before proving valuable.

Introducing HCL’s MLOps Framework

A cloud native approach to productionizing Al experiments to enterprise scale

Built from the experience of dozens of
experiments and production deployments,
HCL’s MLops framework fuses the growing
capabilities of cloud hyperscale, specialized
Al tools and tribal knowledge gained within
the enterprise across its Al maturity curve.

The framework defines and orchestrates
the Al lifecycle across the dimensions of
infrastructure, model development,
production, monitoring and business
feedback. Much like Al models, the
framework is built to learn with each new
experiment, adding new knowledge through
recipes, modules, metadata and metrics.
Incrementally, the framework improves
standardization, reusability and efficiency
of Al development across the enterprise.
The blend of knowledge and software
engineering practices enables the science
of Al to mature while automation brings
agility and reliability.
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MLOps Framework - Key Features

Model Development

Model Operation & Governance




Menu of Offerings

MLOps Framework &

GOEIServices Environments

Cloud Agnostic Framework
(Azure, AWS, GCP), Integrated
Framework with Data Science tools
like Data Robot and Dataiku.

Platform Setup, Architecture Design,
Training, Platform Support.
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Functionalities
Deploy ML Models, Cl/CD Automated O O/().%

Pipelines, Model Serving

and Monitoring , Model Governance,
Model Explainability.

Model & Asset Library

Data Science Libraries, Notebooks, O
Algorithms, Data Sets and Recipes.



Business Benefits

Maximize business
impact from
proactive model
health monitoring.

Highly adaptive
and responsive to
variability in
incoming data.

Mitigate data
security and
privacy.

Maintenance of
the right coding
and evaluation
standards.

Augmentation of
ML/Al to mitigate
the regulatory
concerns of bias
detection & testing.

Ensure quality
of the data and
models.

Provide ethical,
responsible, and
explainable decision
making support
and capability.

Feature store helps
to reduce time on
data collection and
data preparation.

Accelerate the
model validation
process.
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www.hcltech.com

HCL Technologies (HCL) empowers global enterprises with technology for the next decade today. HCL's
Mode 1-2-3 strategy, through its deep-domain industry expertise, customer-centricity and entrepreneurial
culture of ideapreneurship™ enables businesses to transform into next-gen enterprises.

HCL offers its services and products through three lines of business - IT and Business Services (ITBS),
Engineering and R&D Services (ERS), and Products & Platforms (P&P). ITBS enables global enterprises to
transform their businesses through offerings in areas of Applications, Infrastructure, Digital Process
Operations, and next generation digital transformation solutions. ERS offers engineering services and
solutions in all aspects of product development and platform engineering while under P&P. HCL provides
modernized software products to global clients for their technology and industry specific requirements.
Through its cutting-edge co-innovation labs, global delivery capabilities, and broad global network, HCL
delivers holistic services in various industry verticals, categorized under Financial Services, Manufacturing,
Technology & Services, Telecom & Media, Retail & CPG, Life Sciences, and Healthcare and Public Services.

As a leading global technology company, HCL takes pride in its diversity, social responsibility, sustainability,
and education initiatives. As of 12 months ending on March 31, 2021, HCL has a consoclidated revenue of
US$ 10.17 billion and its 168,977 ideapreneurs operate out of 50 countries. For more information, visit
www.hcltech.com
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